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Modern American political campaigns are typically conceptualized as “candidate-centered” and treated as conditionally
independent in quantitative analyses. In reality, however, these campaigns are linked by professional consulting firms, which
are important agents of campaign strategy diffusion within the extended party networks of the contemporary era. To test
our hypothesis that consultants disseminate campaign strategies among their clients, we analyze new data on U.S. House
elections derived from Federal Election Commission records. Using spatial autoregressive models, we find that candidates
who share consultants are more likely to use similar campaign strategies than we would otherwise expect, conditional on
numerous explanatory variables. These results, which largely withstand an extensive series of robustness and falsification
tests, suggest that consultants play a key role in diffusing strategies among congressional campaigns.

Contemporary American political campaigns
are typically conceptualized as “candidate-
centered.” Most quantitative analyses treat

campaigns as conditionally independent and identically
distributed (i.i.d.) events (e.g., Canes-Wrone, Brady, Co-
gan 2002), implicitly assuming that what happens in
one electoral district has no effect on the others. In this
framework, election outcomes, campaign strategies, and
candidate positions are assumed to be determined by
candidate- and district-specific characteristics in isola-
tion, and the role of party organizations, allies, and co-
partisan candidates is largely ignored (beyond, perhaps,
a control variable for party affiliation).

It is true, of course, that formal party organizations
play a more limited role in U.S. campaigns than in many
advanced democracies, but this stylized fact should not
blind us to the influence of what Koger, Masket, and
Noel (2009) refer to as the “extended party network.”
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Numerous actors and institutions, ranging from cam-
paign staff to independent expenditure groups, advance
party goals in the electoral arena, marshaling support
from co-partisans, transmitting information and ideas
across districts, and generally supporting the party in
its central task of electing party-affiliated candidates
(Aldrich 2011).

In this article, we break with the traditional approach
to researching campaign behavior and focus on a key com-
ponent of these party networks—professional campaign
consulting firms. While scholars have long recognized
that consulting firms are central players in contempo-
rary U.S. campaigns, their broader role in the political
system remains poorly understood. With a few notable
exceptions (e.g., Herrnson 2009; Johnson 2011; Lathrop
2003), scholarship on consultants has not advanced far
since Thurber (1998) labeled it “a subfield in search of
theory.” Studies have provided descriptive analyses of
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consultant practices or examined the correlates of con-
sultant use at the campaign level, but few have produced
general insights into the function of consultants in parties
or elections.

We argue that consultants are important agents of
campaign strategy diffusion within the extended party
network, playing a key role in the process of “organized
trial and error” by which ideas and approaches are devel-
oped and spread within parties (Schlesinger 1984, 390).
While party organizations like the House and Senate cam-
paign committees provide assistance in this process, their
influence is limited by logistical obstacles and legal restric-
tions on fundraising and coordination. In the absence of
party-directed campaigns, we argue that political con-
sultants function as a mechanism for the diffusion and
coordination of campaign strategies among a party’s can-
didates. By proposing strategies that have worked for one
or more of their candidates to other clients, they create a
more unified and effective party communication strategy
and brand image in a relatively decentralized fashion.

We provide support for these claims by analyzing a
uniquely detailed data set of campaign expenditures by
U.S. House of Representatives candidates on consulting
services, which allows us to construct party networks of
candidates who share one or more consultants and esti-
mate a series of spatial autoregressive models. Using the
most prominent measures of general campaign strategy
available (Druckman, Kifer, and Parkin 2009), we find
that the strategies of candidates who share consultants
are more similar than we would otherwise expect, condi-
tional on numerous relevant explanatory variables, espe-
cially among nonincumbents and plausible candidates in
unfavorable districts. These results, which are generally
robust to multiple model specifications and falsification
tests, suggest that consultants play a key role in diffusing
strategies among congressional campaigns.

The role of consultants in U.S. parties

Contemporary American political parties face a difficult
organizational dilemma. Each affiliated candidate must
independently organize what is essentially a medium-
sized business in the months leading up to Election Day
and successfully carry out a series of complex logisti-
cal, organizational, and strategic tasks. To be competi-
tive, campaigns must raise hundreds of thousands (or
millions) of dollars; conduct polls; develop a message;
field mail, TV, and/or radio ads; and much more. Exe-
cuting these tasks successfully requires not only financial
resources, but also experience, technical expertise, and an

understanding of campaign strategy that is beyond the
capacities of most candidates and their campaign staff.
Moreover, parties have strong political incentives for af-
filiated candidates to maintain some level of message and
strategy coordination. How can parties help candidates
overcome these organizational obstacles and win election
to public office while facilitating enough coordination
across districts to maintain an effective party brand?

Consultants as Agents of Intraparty
Strategy Diffusion

One approach to this dilemma is to organize parties like
hierarchically structured firms. For instance, the House
and Senate campaign committees of the major parties
recruit candidates in certain races and conduct indepen-
dent expenditures on their behalf. However, the intense
time pressures of modern campaigns and the difficulty
of coordinating activity across hundreds of House and
Senate races have precluded the widespread adoption of
such a top-down approach.1 These obstacles are exac-
erbated by campaign finance laws specifically aimed at
curtailing centrally directed party campaigns. Thus, al-
though formal party organizations exist, their influence
and capacity have lagged behind the demands of the con-
temporary campaign environment (Aldrich 2000; Gibson
et al. 1983).

In response to the growing demand for organiza-
tional capacity in the face of these institutional and legal
barriers, American parties have instead evolved alterna-
tive mechanisms to aid party-affiliated candidates, relying
on actors at the edges of the formal party organizations to
provide strategic advice, services, and expertise to candi-
dates while facilitating some limited degree of coordina-
tion (Schlesinger 1984). In particular, formal party orga-
nizations guide candidates to reputable consulting firms
and then provide financial support rather than provid-
ing those services directly (Dulio 2004; Herrnson 1986;
Kolodny 2000). As Aldrich (2011, 272) writes, “Parties
have come to believe in the mantra, ‘Hire enough pro-
fessionals ... and provide them with millions of dollars,
and they will find a dazzling array of ways to employ their
expertise and money.”’ As a result, consulting firms now
play a significant role in almost every credible campaign
(Johnson 2001, 2002; Thurber and Nelson 1995).

In addition to providing technical expertise and ad-
vice, consultants are especially valuable in spreading new
ideas and approaches from one candidate or campaign

1The parties also employ consultants, but these are outside the
scope of our study (Magleby 2010).
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to another. It is useful to think of consultants as bridging
structural holes in the flow of information among cam-
paigns within a party (Burt 1992). Informally, structural
holes exist when information is not fully shared between
disconnected individuals or groups in a network. Con-
sultants act as information brokers, taking the best ideas
from one candidate or campaign and bringing them to
another in the same way as the most effective corpo-
rate managers or other leaders (Burt 2004). Rather than
passing through formalized channels, strategic insights
instead spread between campaigns through networks of
candidate-consultant relationships.2 This process helps
the party maintain a relatively unified brand and com-
munication strategy while allowing for innovations to
surface from within.

Our approach differs from prior research on consul-
tants in two respects. First, previous studies have focused
on exploring the circumstances under which individual
campaigns and candidates adopt specific tactics, such as
negative advertising (e.g., Francia and Herrnson 2007;
Grossman 2012). We take a more general approach, fo-
cusing on the role of consultants in formulating broad
campaign strategies. Consultants help decide whether,
for instance, to focus on issues that are “owned” by their
party (Petrocik 1996), whether to prime certain issues or
positions rather than others (Miller and Krosnick 1996),
and whether to introduce additional dimensions of con-
flict (Riker 1986). These choices, in turn, influence public
perceptions of and voter support for client candidates at
the district level as well as the issue positions that those
candidates adopt, which will (cumulatively) help to shape
party reputations and platforms at the national level. Our
findings therefore have broad implications for scholarly
understanding of campaigns, political communication,
and party competition.

Second, the literature on consultants has not tested
whether strategies diffuse between campaigns that employ
the same firm(s). We do so by identifying a set of relation-
ships (consultants) that link the units in our data (con-
gressional candidates) to construct a network. However,
we go beyond just describing the network’s properties and
instead test whether the behavior of interest (campaign
strategy) diffuses via those ties.

Consultants and Parties

Our view of consultants and their role in campaign strat-
egy diffusion is consistent with a growing body of theoret-

2Unfortunately, we cannot directly test for structural holes in our
empirical analysis because we study a projected network of candi-
dates with links representing shared consultant ties (e.g., Opsahl
2013).

ical and empirical research on informal ties among mem-
bers of contemporary parties and their allies.3 However,
the premise that consulting firms are influential players in
parties sharply contrasts with several past studies arguing
that the growing use of consultants is either a worry-
ing symptom or significant cause of candidate-centered
elections, weak party organization, and the increasing in-
fluence of “party-rivaling” organizations such as political
action committees (Sabato 1981; Shea 1996; see also Ma-
gleby, Patterson, and Thurber 2000). We believe that this
account takes too narrow a view of party strength. Con-
temporary parties may be using a less hierarchical ap-
proach because it is more effective (Jung and Lake 2011;
Powell 1990), not because the parties themselves are weak.
Such arrangements can reduce transactions costs and fa-
cilitate coordination and cooperation in the absence of
centralized control, which is in any case largely precluded
by campaign finance laws.

The close ties between parties and consulting firms
are most obvious in the consultant selection process. For
example, the parties may provide certain campaigns or
candidates with lists of reputable consultants (Kolodny
and Logan 1998). However, the party’s role in the match-
ing process is necessarily limited by logistical constraints,
given the massive size of the marketplace (hundreds of
races per cycle) and the timing of the hiring process (be-
fore party funding is available or primaries are resolved).
As a result, campaigns are not typically constrained to hire
specific firms chosen by the party, nor are consultants re-
quired to accept those campaigns as clients or to adopt
particular issue positions or strategies. Instead, parties
help create incentives for candidates to use firms “known”
by the parties (Cain 2011, 2013). This process results in a
loosely organized network of candidate-consultant rela-
tionships centered on a set of party-aligned firms rather
than a set of strictly organized relationships and strategies
dictated by central party committees (Nyhan and Mont-
gomery n.d.).

After they are hired, consultants function largely
autonomously, providing strategic advice and organiza-
tional capacity to candidates without centralized con-
trol from formal party organizations. While it is possible
that this organizational approach could lead to signifi-
cant agency loss (Martin and Peskowitz n.d.; Walton and
Walter 2009), there are several reasons to believe that con-
sultants will select and disseminate strategies in a man-
ner that generally serves the interests of parties and their

3See, for instance, Schwartz (1990), Monroe (2001), Bernstein
(2003), Dominguez (2005), Doherty (2006), Heaney and Rojas
(2007), Koger, Masket, and Noel (2009), Herrnson (2009), Gross-
man and Dominguez (2009), Masket et al. (2009), Koger, Masket,
and Noel (2010), Bawn et al. (2012), Cain (2012a, 2012b), and
Desmarais, La Raja, and Kowal (2014).
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candidates. First, many consultants previously worked for
the parties and are likely to be partisan loyalists (Dulio
2004). Second, firms have strong incentives to maintain
good relations with party organizations, which help direct
candidates to consultants (Kolodny and Logan 1998) and
also contract directly for consulting services (Cain 2013;
Kolodny and Dulio 2003). Most importantly, market in-
centives should help ensure that party and consultant
incentives are aligned. Like party organizations, consult-
ing firms are primarily motivated by one goal—winning
elections. Losses hurt a firm’s bottom line by eliminating
repeat customers and reducing the likelihood of attract-
ing new clients. Conversely, consulting firms with strong
track records attract new clients and become more cen-
tral to the party consultant network over time (Nyhan
and Montgomery n.d.).

Theoretical expectations

Our theoretical perspective on the role of consultants in
facilitating party goals suggests three empirical expec-
tations. First, we predict that almost all campaign con-
sulting firms are highly partisan. If campaign consulting
firms are truly part of the extended party network, they
cannot cross party lines. Thus, our theory requires that
consultants work with clients of only one major party.
This prediction, which is consistent with past research
(e.g., Kolodny and Logan 1998), is important primarily
to establish the basic premise for our study.

Hypothesis 1: Almost all consulting firms work exclu-
sively with congressional campaigns from only one
of the major parties.

Second, given their key role in contemporary cam-
paigns, consultants have substantial latitude to influence
the strategic choices of the candidates they advise. In-
deed, consultants were already being criticized for hav-
ing “helped homogenize American politics” by the early
1980s (Sabato 1981, 7). Subsequent studies found evi-
dence of apparent consultant influence on the adoption
of negative advertising (e.g., Francia and Herrnson 2007;
Grossman 2012; Swint 1998), fundraising (Cain 2012a;
Dulio 2004; Herrnson 1992), electoral outcomes, (Cain
2012b; Dabelko and Herrnson 1997; Dulio 2004; Med-
vic 1998; Medvic and Lenart 1997), and the adoption of
specific messages (Johnson 2001).

We therefore expect that consulting firms are likely
to help spread favored strategies among their clients and
to apply new approaches and strategies that seem to work
for one client to others. These strategies may in turn

be adopted and disseminated by collaborating firms that
are jointly employed by the clients who have adopted the
strategy. In this way, consultants can serve as an important
broker for the dissemination of effective strategies.

To operationalize this theory of consultant diffusion
of campaign strategy, it is necessary to account for the
complex structure of the candidate-consultant network.
Many campaigns employ multiple consultants who each
have their own client lists. To account for this, we propose
the following hypothesis:

Hypothesis 2: The similarity of candidates’ campaign
strategies will increase as the consultant ties between
them become stronger.

An extreme example of the effects that consultants
can have on campaign messaging was observed in the
2010 election cycle when a consultant named Tommy
Hopper admitted to having “borrowed” a message he first
used in a Kansas congressional race for clients running
for Congress in Tennessee and agriculture commissioner
in Alabama (Clarkin 2010; Weigel 2010; see Katz 2010
and Ralston 2010 for other recent examples). Of course,
the similarities between campaigns that share consulting
firms will typically be more subtle. However, surveys and
in-depth interviews of campaign professionals reveal that
there is a great deal of practical wisdom traded and de-
bated within the parties about the strategies that should
be used in various electoral scenarios (e.g., Johnson 2011).
The spatial statistical methods we employ below allow us
to systematically test for the diffusion of these strategies
among campaigns linked via shared consulting firms.

In particular, our expectation is that consultants’
strategic influence will be strongest among candidates
who require the most assistance to win—nonincumbents
and candidates running in districts that are unfavorable
to their party. In the House, incumbent reelection rates
are typically extremely high, including during the 2002–
2006 period we study (Center for Responsive Politics
n.d.). Thus, though incumbents are more likely to employ
consultants due to their greater financial resources, they
face weaker incentives to adopt consultant-recommended
strategies from other races. By contrast, open-seat candi-
dates and those challengers who can afford to hire con-
sultants typically have some chance of winning but are
much more likely to face difficult races and should thus
be more open to following consultant advice to maxi-
mize their chances of victory.4 In addition, incumbents
typically are constrained by their extensive public record

4Some open-seat candidates and challengers face extremely long
odds and may therefore feel little pressure to follow consultant
advice, but very few have the funds to hire consultants in the first
place.
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and rely on messages of experience that emphasize their
past accomplishments in office. Just as incumbent legis-
lators are well known to “die in their ideological boots”
(Poole 2007, 435), incumbent campaigns are more likely
to stick with established strategies (Druckman, Kifer and
Parkin 2009), which reduces the scope for consultants
to exert an independent influence. Nonincumbents will
conversely be less likely to have an established record and
campaign strategy than incumbents, which increases the
scope for consultant influence on their strategic choices.

Similarly, major-party candidates running in districts
that tend to favor the other party face a more difficult path
to victory than candidates in districts that favor their own
party. There are accordingly stronger incentives for these
disadvantaged candidates to adopt recommended cam-
paign strategies from consultants than for those candi-
dates who are fighting the election on more favorable
terrain. We formalize these hypotheses as follows:

Hypothesis 3a: The relationship between shared con-
sultants and the similarity of campaign strategy
should be stronger for nonincumbents than incum-
bents.

Hypothesis 3b: The relationship between shared con-
sultants and the similarity of campaign strategy
should be stronger for candidates in unfavorable dis-
tricts than for candidates in favorable districts.

Data and methods

Our goal is to determine whether campaigns are more
likely to adopt strategies that are also being used by other
campaigns with which they share consultants (rather than
being independent across districts, as traditional statisti-
cal analyses would assume). In this section, we describe
the data and statistical approach that we use to test this
hypothesis.

Dependent Variable: Campaign Strategy

Unfortunately, there is surprisingly little systematic data
available on campaign strategy, especially for challengers.
One reason is that many campaigns, especially noncom-
petitive races or those distant from major media markets,
provide little direct evidence by which their activities can
be evaluated. They receive low levels of media coverage
and do not advertise on television. The most compre-
hensive effort to date to assemble information on cam-
paign strategy is provided by Druckman, Kifer, and Parkin

(2009, 2010),5 who collected information from the web-
sites of a random sample of major-party candidates for
the House of Representatives in the 10 days preceding the
2002, 2004, and 2006 general elections.6

Druckman, Kifer, and Parkin (hereafter DKP) eval-
uate campaigns along numerous dimensions. Here, we
focus specifically on the broadest and richest measures
of general strategy in the DKP data set, which they
term “risk-taking” and “issue ownership.” The risk-taking
scale, which ranges from–3 to 8, is calculated as the num-
ber of observed behaviors that DKP perceive to have un-
certain consequences minus the number of strategies used
that they view as safe.7 The result is an index in which
higher values are associated with risky strategies and lower
values are associated with safe strategies—precisely the
sorts of decisions over which consultants are likely to in-
fluence candidates.

Our second campaign strategy measure is DKP’s
measure of issue ownership, which ranges from –20 to
26 and takes higher values for candidates who focus their
message on issues “owned” by their party (2009, 348). It
captures the degree to which campaigns emphasize pol-
icy areas in which the candidates’ party has a reputational
advantage in national polls. Like risk-taking, this variable
is also an excellent indicator of campaign strategy for our
purposes since issue emphasis is a strategic choice that
past research suggests consultants are especially likely to
influence (Johnson 2011 Medvic 2001, 433). In particu-
lar, while candidates are often unwilling to change their
issue positions, they may be more willing to change which
issues are emphasized in response to district conditions
or polling results.

DKP provide a thorough evaluation of these vari-
ables as well as a great deal of evidence that they cap-
ture fundamental elements of campaign strategy. For
instance, they show that challengers and candidates
in open-seat districts disproportionately adopt riskier

5Since most campaigns had websites during this period, the poten-
tial for selection bias is lower than comparable television advertising
data (e.g., Goldstein and Rivlin 2007).

6Druckman, Kifer, and Parkin’s data are structured as a rolling
cross-section. They also collected data from the websites of all
major-party Senate candidates, but the lack of Federal Election
Commission data on Senate campaign expenditures precludes the
use of these data in this study (see below).

7Risky strategies were coded as providing negative information
about opponents, emphasizing one’s party label, providing nu-
merous issue positions or endorsements, focusing on issues more
advantageous to the opposing party, allowing public participation
on the website, providing statements about the candidate’s vision or
agenda, and mentioning prior nonelected positions. Safe strategies
were coded as mentioning the candidate’s experience as an elected
official, roots in the community, and role in obtaining constituent
benefits.

 15405907, 2015, 2, D
ow

nloaded from
 https://onlinelibrary.w

iley.com
/doi/10.1111/ajps.12143 by W

ashington U
niversity School O

f M
edicine, W

iley O
nline L

ibrary on [30/06/2026]. See the T
erm

s and C
onditions (https://onlinelibrary.w

iley.com
/term

s-and-conditions) on W
iley O

nline L
ibrary for rules of use; O

A
 articles are governed by the applicable C

reative C
om

m
ons L

icense



CONSULTANT NETWORKS AND CAMPAIGN STRATEGY DIFFUSION 297

strategies (Druckman, Kifer, and Parkin 2009, 352–54).
However, these data are still noisy measures of overall
campaign strategy, which should inflate the standard er-
rors of our models and bias our results toward a null
finding. In this sense, positive results should be inter-
preted as substantial evidence in favor of our theoretical
predictions.

Consultant-Candidate Data

We study the random sample of major-party House can-
didates (including open-seat candidates and challengers
as well as incumbents) in the 2002, 2004, and 2006 general
elections whose campaign strategies were coded by DKP.
To determine which consulting firms were employed by
these candidates, we used expenditure data provided by
House campaigns to the Federal Election Commission
(FEC) and made available in an accessible format by the
Center for Responsive Politics (2012a, 2012b, 2012c; see
also Martin and Peskowitz n.d.).8

Our goal was to identify payments from campaigns
to consultants and consulting firms. Because payments
to consulting firms are not clearly labeled in the FEC
data and campaigns are inconsistent in how they describe
payment recipients, it was necessary to create a list of con-
sulting firms to search for in the expenditure data. Given
our interest in overall campaign strategy, we restrict our
analysis to firms that self-identified as providing general,
media, and/or polling consulting in scorecards published
in the industry trade magazine Campaigns & Elections
(henceforth C&E) between 1990 and 2009 or a 2008 com-
pendium in the insider publication The Hotline. From
this list, we developed a library of terms that were used to
identify payments made to a listed consulting firm.

This processing step resulted in a list of expendi-
tures that trained research assistants coded for matches
to our list of strategy, media, and polling firms generated
from the C&E scorecards. Ambiguous cases were further
cross-checked against the C&E Political Pages, an annual
directory of consulting firms and consultants published
in the magazine, for the 2002, 2004, and 2006 election
cycles. Only payments to firms in our sample of media,
strategy, and polling firms or to individuals clearly listed
as employed by those firms were retained. The result of
this process was a list of 7,526 campaign-consultant pay-
ments totaling more than $168 million between 1,194
unique campaign-consultant dyads. Finally, we sum these
payments for each campaign-consultant dyad to create a

8Itemized expenditure data for Senate campaigns are not available
in electronic format for this period and are thus excluded.

total expenditure value for the cycle. Additional details
are provided in the supporting information (SI).

Creating the Candidate-Candidate Network

Before testing our hypotheses, we must convert our
candidate-consultant networks into single-mode net-
works of candidates linked by edges weighted by the num-
ber of shared consultants. This process is known as projec-
tion and is a standard practice in the social networks liter-
ature. For instance, we can represent a two-mode network
of i = 1, . . . , n candidates and j = 1, . . . , m consultants
as an n × m adjacency matrix A. In this case, we have
binary edges indicating whether total expenditures e on a
consulting firm in a given election cycle were $25,000 or
greater, a plausible minimal threshold indicating that the
candidate employed the consulting firm for significant
duties.9

The existence of a tie between candidate i and con-
sultant j is thus represented in the adjacency matrix A as

Ai,j =
{ 1 if ei, j ≥ $25,000

0 if ei, j < $25,000. (1)

To convert this two-mode network into a one-mode net-
work of candidates linked by consultant edges, we post-
multiply the adjacency matrix A by its transpose (AAT),
which generates a one-mode n × n candidate adjacency
matrix W. In the projected candidate network W, the
edge weight between candidate c and candidate d is sim-
ply the number of consultants among the set j = 1, . . . , s
on whom both spent $25,000 or more in a given election
cycle (where I(.) represents the indicator function):

Wc,d =
s∑

j=1

I(ec , j ≥ $25,000)× I(ed, j ≥ $25,000). (2)

Substantively, the edge weights in the projected matrix
represent the extent to which candidates have an increas-
ingly similar team of consultants.

9As we discuss below, our results are largely robust to two alterna-
tive approaches that do not rely on a specific cutoff value—using
either the product of logged spending on shared consultants to rep-
resent the strength of ties between campaigns or a binary measure
of whether two candidates each spent $1 or more on any shared
consultant. However, we prefer the approach presented above,
which focuses on the number of shared consultants who played
a significant role in both campaigns without assuming that influ-
ence is increasing in spending, which may vary by firm type (e.g.,
media firms often receive the largest payments because they pur-
chase advertising for clients, but they are not necessarily the most
influential).
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FIGURE 1 The 2002 Democratic Candidate-Consultant
Network
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Note: Plot depicts the candidates and consultants in the largest component of the
projected 2002 Democratic candidate network constructed from the Druckman,
Kifer, and Parkin (2009) House of Representatives candidate sample and FEC
data (see text for details). Consultant nodes are solid circles; candidate nodes are
unfilled circles.

Figures 1 and 2 provide an illustrative example of
how projection works. Figure 1 depicts the consultants
and candidates who constitute the largest connected
component of the Democratic candidate network dur-
ing the 2002 electoral cycle using our definition above
for candidate-consultant ties (consultant nodes are solid
black, and candidate nodes are unfilled circles).

We convert the candidate-consultant network in
Figure 1 into a network of candidate nodes linked by
the consultants they shared during that cycle, who are
represented as edges in the plot. The largest connected
component of the resulting candidate network is pre-
sented in Figure 2.

We then merged our consultant—candidate data
with election and candidate data from Congressional
Quarterly’s Voting and Elections collection and data on
House races collected by Gary Jacobson. These covariates
allow us to account for candidate- and campaign-level
factors that might affect campaign strategy and are avail-
able for all types of candidates (not just incumbents).
However, we do not condition on pre-election measures
like polls, competitiveness ratings, or fundraising totals
that could be affected by consultant choice and therefore

induce posttreatment bias (King and Zeng 2006; see, e.g.,
Cain 2012a).

Spatial Autoregressive Models

To test our diffusion hypotheses (Hypothesis 2 and Hy-
potheses 3a/3b), we estimate spatial autoregressive mod-
els to examine whether sharing consultants is associ-
ated with the use of similar campaign strategies. The
spatial relationships that we model are thus ties within
the candidate-consultant network rather than, say, geo-
graphic proximity.10 Specifically, we estimate spatial au-
toregressive models with covariates (see, e.g., LeSage and
Pace 2009).11 For some continuous outcome y, the model
assumes

y = X� + �Wy + �, (3)

10This approach is frequently employed in the social networks lit-
erature. For recent examples, see Mizruchi, Stearns, and Marquis
(2006) and Papachristos (2009).

11All analyses were conducted in R using the lagsarlm function
in spdep.
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FIGURE 2 The 2002 Democratic Candidate
Network
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Note: Plot depicts the largest connected component in the network
of 2002 Democratic House candidates in the Druckman, Kifer,
and Parkin (2009) sample; edges represent shared consultant ties
identified in FEC data.

where � ∼ N(0, �2In), n is the number of observations,
X is an n × p covariate matrix with p covariates, and W
is an n × n weight matrix with zeros along the diagonal.12

We construct the weight matrix W by row-
standardizing the matrix Wc ,d defined in Equation (2),
which represents the number of consultants whom can-
didates c and d both paid $25,000 or more in a given
election cycle. This procedure, which is standard in spa-
tial econometrics and political science (e.g., LeSage and
Pace 2009; Ward and Gleditsch 2008), normalizes the
total effects of shared consultants to be equal across can-
didates. We perform this step so that our inferences are
not distorted by substantial differences in the number of
shared consultants per candidate. Specifically, the weight
Wc ,d representing the strength of the association between
candidates c and d is standardized by the total number of
shared consultants per candidate such that

∑
d Wc ,d = 1

for all candidates c = 1, . . . , n who have one or more

12This model assumes that we have a continuous outcome, whereas
our main outcomes of interest are categorical. The risk-taking vari-
able has 11 categories ranging from–3 to 8, and the issue ownership
variable has 46. However, we are aware of no software routines
for estimating ordered categorical spatial autoregressive models.
Moreover, it is common to treat dependent variables with a large
number of categories as continuous in practice. For instance, or-
dered probit and ordinary least squares regression typically provide
substantively identical results for dependent variables with 10 or
more categories.

shared consultants (
∑

d Wc ,d = 0 for candidates with no
shared consultants).

Substantively, this approach assumes that a candi-
date will be less likely to use a strategy like the one used
by a candidate with whom she shares consultants as the
number of consultants she shares with other candidates
increases (because those other relationships presumably
would also influence her strategy). Conversely, this proce-
dure assumes that the similarity between campaigns will
be greatest when no competing influences are present —
namely, when two candidates share consultants only with
each other.

Within this framework, the spatial autocorrelation
coefficient � represents the influence of a weighted aver-
age of the strategies used by other candidates with whom
a candidate shares consultants, capturing the tendency
of candidates who are “closer” to each other in the net-
work to employ similar campaign strategies (Ward and
Gleditsch 2008). In other words, it captures the gen-
eral tendency for strategies to covary among campaigns
that share consultants. If we constrain � to be equal to
zero, the model is identical to standard linear regression,
which implicitly assumes that strategies are conditionally
independent across campaigns. For instance, under the
null model where � = 0, we are assuming that incum-
bent Republicans facing similar electoral environments
would employ similar campaign strategies regardless of
which consultants they are using. Our theory, on the other
hand, suggests that � > 0. A positive and statistically sig-
nificant spatial autocorrelation coefficient indicates that
campaign strategies will be more similar between two
campaigns than we would otherwise expect13 as their con-
sultant ties strengthen, controlling for party, year, district
favorability, and other covariates. The individual-level
treatment effect of � can be interpreted as the predicted
change in the outcome y for a given unit c as the outcomes
for all of c ’s neighbors are exogenously increased by one
unit (Ward and Gleditsch 2008, 38).

In the analyses below, we report estimates for � and
their asymptotic standard errors as well as likelihood ratio
(LR) tests that compare the spatial autoregressive model
(Equation 3) with the null model where � = 0,

y = X� + �. (4)

13The coefficient does not imply directionality. For instance,
the positive spatial autoregressive coefficients reported below for
issue ownership do not indicate that campaigns sharing consul-
tants are more likely to emphasize party-owned issues than would
otherwise be expected. Instead, the positive � values indicate that
campaigns sharing consultants are more similar in their empha-
sis (or lack thereof) on party-owned issues than we would expect,
conditional on other covariates.
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300 BRENDAN NYHAN AND JACOB M. MONTGOMERY

TABLE 1 Party Loyalty among Political
Consulting Firms

Election Cycle Exclusively D or R Both D and R

2002 131 0
2004 175 1
2006 181 0

Note: Sample consists of consulting firms that received $25,000 or
more from 2002–2006 House of Representatives general election
candidates in the Druckman, Kifer, and Parkin (2009) sample ac-
cording to Federal Election Commission records. See the text and
SI for further details.

A significant LR test statistic indicates that the spatial
autoregressive model in Equation (3) fits the data signifi-
cantly better than the corresponding nonspatial model in
Equation (4).

Analysis and results

Following previous research (e.g., Kolodny and Logan
1998), we find that the consultant-candidate networks of
the two major parties do not overlap in any meaning-
ful way, which provides strong support for Hypothesis
1. We show in Table 1 that consulting firms overwhelm-
ingly work with candidates from only one party. Across
three election cycles, we observe only one case in which
a general, media, or polling consulting firm contracted
with campaigns in both major parties in the same cycle—
a tiny fraction of all consultant-candidate dyads in our
data. This strict segmentation of the consulting market
was also observed by Martin and Peskowitz (n.d.), who
found only one of 1,250 consultants listed in Campaigns
& Elections during the 2002–2010 period did not affili-
ate with one party. Their behavior reflects a combination
of party loyalty by consultants and intense market pres-
sure from clients to remain loyal to a single party (e.g.,
Halperin 2010; Hamby 2009).

Spatial Autoregression Results

Turning to our regression results, we follow DKP by in-
cluding members of both parties and pooling across the
2002, 2004, and 2006 elections in our analyses. In addi-
tion to the spatial weight matrix constructed from our
data on shared consultant ties between campaigns, we
include a number of relevant covariates in the models
that are available for the full set of candidates in our
data (which include many nonincumbents). In each of

the analyses below, we include fixed effects for party and
year (Republicans and 2002 are the reference categories,
respectively); indicators for incumbents and open-seat
candidates (challengers are the reference category); and
indicators for district favorability based on a quartile split
of the two-party vote received by their party’s presidential
candidate in their district in 2000 (for the 2002 election)
or 2004 (for the 2004/2006 elections).14 This variable al-
lows us to account for the competitiveness and partisan
orientation of the district. One additional potential con-
cern is that consultant ties may act as proxies for regional
differences in campaign style. Democrats in the South
may campaign differently than those in the Northeast,
for instance, and use consultants who specialize in their
region. We therefore include regional fixed effects (the
Northeast is the reference category). Finally, we follow
DKP in including their measure of “issue salience” as a
control in models of issue ownership. After dropping ob-
servations due to missingness in the covariates, we are left
with 545 observations.15

Table 2 presents the results of our spatial autoregres-
sive models of DKP’s campaign strategy measures of risk-
taking and issue ownership. Our primary interest is not in
the control variables (which we do not discuss further for
space reasons but are largely consistent with expectations)
but in estimates of the spatial autocorrelation coefficient
� and the likelihood ratio tests, which determine whether
there is a statistically significant improvement in model fit
over a standard linear regression. A positive, statistically
significant likelihood ratio test indicates that campaign
strategies are more similar among candidates who share
consultants than we would expect by chance (conditional
on covariates).

The first column of Table 2 confirms our expectation
that campaign strategies should be more similar among
candidates who share consultants than we would oth-
erwise expect. The spatial autocorrelation coefficient is
positive and statistically distinct from zero (� = 0.105,

14These indicators, which allow for possible nonlinearities in the
relationship between district favorability and campaign strategy,
represent the following values in the data: 9–42% of the two-party
presidential vote (the bottom quartile), 43–51% (the second quar-
tile), 52–59% (the third quartile), and 60–91% (the fourth quar-
tile). The first (least favorable) quartile is the omitted category in
the results below.

15Only 15% of the unique candidates appear in the data set more
than once (12% in two cycles and 3% in all three cycles). We there-
fore cannot include candidate-level fixed effects (though descrip-
tive statistics suggest these candidates are adjusting their strategies
between cycles, as our hypothesis predicts; results are available
upon request). Our candidates are only linked by consultant ties
within a given cycle, so this choice should not cause spurious spatial
autocorrelation.
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CONSULTANT NETWORKS AND CAMPAIGN STRATEGY DIFFUSION 301

TABLE 2 Autoregressive Models of Risk-Taking and Issue Ownership in House Campaigns

Risk-Taking Issue Ownership

(1) (2) (3) (4)

Intercept −0.397 −0.358 −5.940 −3.897
(0.334) (0.363) (1.486) (1.635)

2004 0.119 −0.019 −1.809 −1.715
(0.185) (0.193) (0.764) (0.795)

2006 0.335 0.296 −1.576 −1.670
(0.179) (0.186) (0.739) (0.767)

Democrat 1.211 1.152 11.154 7.286
(0.141) (0.336) (0.658) (1.443)

Open seat 1.602 1.620 −0.273 −0.190
(0.224) (0.226) (0.939) (0.944)

Challenger 2.717 2.814 1.452 1.528
(0.173) (0.178) (0.714) (0.737)

District favorability: 2nd quartile 0.066 0.052 0.405 0.119
(0.192) (0.205) (0.789) (0.840)

District favorability: 3rd quartile −0.086 0.008 2.304 2.184
(0.209) (0.220) (0.865) (0.911)

District favorability: 4th quartile −0.117 −0.095 2.040 1.852
(0.232) (0.240) (0.968) (0.998)

Mid—Atlantic 0.198 0.352 −2.096 −2.168
(0.311) (0.322) (1.296) (1.340)

Midwest 0.729 0.689 −0.265 0.266
(0.289) (0.293) (1.201) (1.220)

Plains 0.473 0.477 0.811 1.230
(0.328) (0.328) (1.371) (1.371)

South 0.446 0.581 −0.783 −0.112
(0.277) (0.281) (1.148) (1.162)

Border 0.452 0.572 −0.118 0.143
(0.307) (0.312) (1.277) (1.300)

Mountain West 0.685 0.702 −1.150 −1.023
(0.300) (0.299) (1.236) (1.230)

West 0.488 0.363 −1.529 −0.842
(0.350) (0.363) (1.445) (1.491)

Conservatism (CFscore) −0.080 −2.102
(0.164) (0.681)

Issue salience 9.091 8.322
(1.960) (2.069)

Number of shared consultants (spatial autocorrelation)
� 0.105 0.078 0.346 0.350

(0.048) (0.048) (0.046) (0.047)
Nested model test for shared consultant dependence

LR statistic 5.111 2.762 49.066 49.075
p-value 0.024 0.097 0.000 0.000

N 524 486 532 493

Note: Models predict the Druckman, Kifer, and Parkin (2009) campaign strategy measures of risk-taking and issue ownership among
2002–2006 House of Representatives general election candidates in their sample with no missing data on covariates. Edge weights represent
the number of consulting firms that received $25,000 or more from both candidates according to Federal Election Commission records;
the resulting adjacency matrix is then row-standardized. Indicators for district favorability represent quartiles for the party presidential
vote by district (the least favorable quartile is the omitted category; see footnote 14 for details). Estimated using the lagsarlm function in
the spdep package for R.
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302 BRENDAN NYHAN AND JACOB M. MONTGOMERY

s.e. = 0.048), and we can reject the null hypothesis that
the spatial autoregressive model does not fit better than
a standard linear regression (LR statistic = 5.111, p <

.05).16 The third column of Table 2 finds an even stronger
positive association between the number of shared con-
sultants and issue ownership scores (� = 0.346, s.e. =
0.046), and we can again reject the null of no improved fit
versus a standard linear regression (LR statistic = 49.066,
p < .01).17

One potential concern is that our results are con-
founded by unobserved similarities in candidate ideol-
ogy. We therefore utilize the innovative (Bonica 2014)
estimates of candidate ideal point derived from cam-
paign finance records, which he calls CFscores. These
estimates allow us to map incumbents and nonincum-
bents into a common ideological space, which is other-
wise impossible given the lack of comparable legislative
voting or survey data for most nonincumbents. When
we control for the CFscore estimates of candidate ideal
points in the second and fourth columns of Table 2, our
results for � are largely unchanged and the likelihood
ratio statistics testing the autoregressive models against
standard linear regressions remain statistically significant
for both risk-taking (p < .10) and issue ownership (p <

.01).18

Hypotheses 3a and 3b predict that the relationship
between campaign strategy and shared consultants will
be strongest among nonincumbents and candidates in
unfavorable districts due to the increased competitive
pressures that they face. We therefore disaggregate our
data by incumbency status and district type and estimate
separate models in Tables 3 and 4. The first two columns
of each table contrast results for incumbent and nonin-
cumbent candidates, respectively, whereas the third and
fourth columns divide the data by district favorability
using a median split on presidential vote.19

Again, our focus is not on the regression coefficients
themselves, but on the estimates of � and the likelihood

16The autocorrelation term is already on the same scale as the
dependent variable, facilitating interpretation. This result indicates
that a one standard deviation increase in risk-taking by all of unit
c ’s neighbors results in a roughly 0.105 standard deviation increase
in risk-taking for unit c .

17Substantively, a one standard deviation increase in issue owner-
ship by all of unit c ’s neighbors results in a roughly 0.346 standard
deviation increase in emphasizing party-owned issues.

18We lose 38 cases by including this covariate due to candidates
who do not receive a sufficient number of contributions and/or do
not file reports with the FEC.

19Districts in which the presidential nominee from the candidate’s
party received less than 51% of the vote in the previous election
district are classified as unfavorable.

ratio tests at the bottom of the tables. The risk-taking
models in Table 3 provide statistically significant evidence
of an association between campaign strategy and shared
consultants that is consistent with Hypotheses 3a and 3b.
Specifically, likelihood ratio tests indicate that account-
ing for shared consultant ties produces a positive and
statistically significant increase in model fit for both non-
incumbents and those in unfavorable districts (p < .10
and p < .05, respectively; see the first and third columns
of Table 3). This difference is not observed among incum-
bents or candidates in favorable districts (the second and
fourth columns of Table 3).20

By contrast, the issue ownership models in Table 4,
while consistent with Hypothesis 2, do not support Hy-
potheses 3a and 3b—the spatial autocorrelations are sta-
tistically significant and of comparable magnitude for
incumbents and nonincumbents (the first and second
columns) and for candidates in favorable or unfavorable
districts (the third and fourth columns). In other words,
consultant ties appear to play a similarly important role
for all of these subsets of candidates. This result suggests
that the influence of consultants on issue positioning is
more universal, whereas their effects on risk-taking are
more context-dependent.

In general, our findings support the hypothesis that
consultants have come to play an important role in
disseminating overall campaign strategy among congres-
sional candidates. Despite our reliance on dependent vari-
ables that are likely to be measured imprecisely, the strate-
gies of campaigns that share consultants are more similar
than we would expect by chance, even after controlling
for factors such as incumbency, year, party, and district
favorability (Hypothesis 2). In addition, shared consul-
tant relationships are most closely related to candidate
risk-taking among nonincumbents (Hypothesis 3a) and
candidates in unfavorable districts (Hypothesis 3b)—
precisely those who are most likely to need consultant
advice.21

20While the evidence against the null hypothesis within each model
is consistent with both Hypotheses 3a and 3b, we do not know of
a valid test for differences in spatial autocorrelation between non-
nested spatial autoregressive models. We therefore cannot formally
reject the null hypotheses of no difference in � between incum-
bents and nonincumbents and between candidates in favorable
and unfavorable districts.

21The differences in results that we observe by incumbency status
above do not appear to be the result of differences in shared con-
sultant usage. While incumbents are unsurprisingly more likely to
employ a consultant than nonincumbents (90% versus 51%, re-
spectively), the proportion of candidates who have one or more
consultants and share consultants with other candidates is virtually
identical (89% versus 92%).
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TABLE 3 Autoregressive Models of Risk-Taking by Incumbency and District Favorability

Incumbency District Favorability

Nonincumbent Incumbent Unfavorable Favorable

Intercept 1.106 0.414 −1.166 0.734
(0.417) (0.640) (0.443) (0.440)

2004 0.464 −0.320 0.496 −0.237
(0.260) (0.255) (0.264) (0.248)

2006 0.641 −0.097 0.629 0.022
(0.251) (0.248) (0.258) (0.238)

Democrat 1.139 1.415 1.250 0.959
(0.207) (0.216) (0.220) (0.226)

Open seat 2.211 1.185
(0.343) (0.294)

Challenger 1.005 2.688 2.869
(0.247) (0.251) (0.260)

District favorability: 2nd quartile 0.169 −0.609 −0.001
(0.223) (0.480) (0.198)

District favorability: 3rd quartile −0.033 −0.603
(0.276) (0.475)

District favorability: 4th quartile −0.506 −0.637 −0.020
(0.398) (0.468) (0.194)

Mid—Atlantic 0.055 0.314 0.423 −0.229
(0.451) (0.430) (0.440) (0.433)

Midwest 0.684 0.763 1.217 −0.098
(0.410) (0.412) (0.423) (0.426)

Plains 0.747 −0.036 0.857 −0.320
(0.454) (0.489) (0.480) (0.489)

South 0.250 0.680 0.986 −0.477
(0.400) (0.397) (0.419) (0.412)

Border 0.284 0.695 0.815 −0.201
(0.427) (0.443) (0.453) (0.434)

Mountain West 0.696 0.746 1.182 −0.231
(0.431) (0.437) (0.448) (0.438)

West 0.514 0.342 1.233 −0.441
(0.500) (0.475) (0.480) (0.494)

Number of shared consultants (spatial autocorrelation)
� 0.103 0.042 0.151 −0.006

(0.055) (0.087) (0.061) (0.065
Nested model test for shared consultant dependence

LR statistic 3.521 0.234 6.283 0.009
p-value 0.061 0.629 0.012 0.924

N 286 238 271 253

Notes: Models predict the Druckman, Kifer, and Parkin (2009) campaign strategy measure of risk-taking among 2002–2006 House of
Representatives general election candidates in their sample with no missing data on covariates. Edge weights represent the number of
consulting firms that received $25,000 or more from both candidates according to Federal Election Commission records; the resulting
adjacency matrix is then row-standardized. Favorable districts are defined as those where the presidential nominee of the candidate’s party
received 51% of the vote or more (the median value in the data); unfavorable districts are those in which the presidential nominee of the
candidate’s party received less than 51% of the vote. Indicators for district favorability represent quartiles for the party presidential vote by
district (see 14 for details). Estimated using the lagsarlm function in the spdep package for R.
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304 BRENDAN NYHAN AND JACOB M. MONTGOMERY

TABLE 4 Autoregressive Models of Issue Ownership by Incumbency and District Favorability

Incumbency District Favorability

Nonincumbent Incumbent Unfavorable Favorable

Intercept −8.080 −0.423 −8.908 −0.667
(1.937) (2.812) (2.003) (1.982)

2004 −1.145 −3.023 −0.566 −3.256
(1.084) (1.093) (1.116) (1.075)

2006 −1.004 −2.436 −0.338 −2.749
(1.033) (1.058) (1.075) (1.029)

Democrat 10.514 10.795 11.028 10.366
(0.889) (1.038) (0.956) (1.076)

Open seat 1.083 −0.730
(1.456) (1.251)

Challenger 1.305 1.667 1.770
(1.024) (1.046) (1.112)

District favorability: 2nd quartile 0.874 −3.195 0.493
(0.922) (2.045) (0.835)

District favorability: 3rd quartile 2.513 −0.546
(1.137) (2.024)

District favorability: 4th quartile 0.126 −0.558 −0.265
(1.642) (1.994) (0.829)

Mid—Atlantic −1.616 −2.545 −0.514 −3.342
(1.879) (1.819) (1.864) (1.866)

Midwest 1.720 −1.982 2.212 −2.597
(1.717) (1.739) (1.797) (1.826)

Plains 2.010 0.218 4.359 −2.607
(1.901) (2.065) (2.034) (2.109)

South 0.389 −1.957 1.106 −2.677
(1.666) (1.676) (1.775) (1.760)

Border 1.899 −2.246 1.760 −2.136
(1.780) (1.873) (1.915) (1.862)

Mountain West 1.764 −3.575 1.174 −3.323
(1.798) (1.845) (1.901) (1.879)

West −2.816 0.368 −1.382 −0.390
(2.081) (2.004) (2.034) (2.111)

Issue salience 11.754 6.685 9.495 9.285
(2.707) (2.857) (2.630) (2.972)

Number of shared consultants (spatial autocorrelation)
� 0.264 0.344 0.287 0.339

(0.071) (0.060) (0.071) (0.057)
Nested model test for shared consultant dependence

LR statistic 12.454 27.905 15.856 28.704
p-value 0.000 0.000 0.000 0.000

N 286 238 271 253

Notes: Models predict the Druckman, Kifer, and Parkin (2009) campaign strategy measure of issue ownership among 2002–2006 House
of Representatives general election candidates in their sample with no missing data on covariates. Edge weights represent the number of
consulting firms that received $25,000 or more from both candidates according to Federal Election Commission records; the resulting
adjacency matrix is then row-standardized. Favorable districts are defined as those where the presidential nominee of the candidate’s party
received 51% of the vote or more (the median value in the data); unfavorable districts are those in which the presidential nominee of the
candidate’s party received less than 51% of the vote. Indicators for district favorability represent quartiles for the party presidential vote by
district (see 14 for details). Estimated using the lagsarlm function in the spdep package for R.
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Robustness and Falsification Tests

Though the results above are largely supportive of our
hypotheses, we further investigate the robustness of our
results to alternative parameterizations of the spatial
weights matrix and conduct falsification tests to assess
other threats to the validity of our findings.

First, one possible concern is that these results may
be sensitive to measuring network ties as the number
of shared consultants on whom both candidates spent
at least $25,000 in a given election cycle. As a robust-
ness check, we reestimate the models for risk-taking and
issue ownership among nonincumbents and candidates
in unfavorable districts (specifically, the first and third
columns of Tables 3 and 4) in the supporting information
(SI) using two alternative parameterizations of the spatial
weight matrix W: the log product of joint expenditures
on a consultant (which avoids the use of a threshold value
indicating the presence of a candidate-consultant tie) and
binary edge weights indicating that both candidates spent
any funds at all or more on one or more of the same con-
sultants (these weights are then row-standardized in both
cases; see the SI for further details).

The results are largely consistent with the findings
above: Both the risk-taking and issue ownership mea-
sures are significantly associated among candidates when
we operationalize shared consultant ties using the log
product of joint consultant expenditures or a binary in-
dicator for having at least one shared consultant who
received any payment from both candidates (p < .10 and
p < .01, respectively). However, the results for risk-taking
among nonincumbents, while only somewhat diminished
in magnitude (i.e., the estimated value of the spatial auto-
correlation coefficient �), show that accounting for shared
consultants using either alternate spatial weight specifica-
tion does not significantly improve model fit in likelihood
ratio tests (p < .24 in both cases). Given their greater
sensitivity to our modeling choices above, these results
should be interpreted with more caution.22

One additional concern is that the spatial autocor-
relations reported above may be spurious due to an un-
observed candidate characteristic that is correlated with
consultant selection. It is possible, for instance, that two
similar candidates may be more likely to run similar cam-
paigns and to hire the same consultants, which could

22The supporting information also contains results for two nar-
rower campaign strategy measures from Druckman, Kifer, and
Parkin (2009): number of positions taken and use of negativity.
The results for these measures are broadly consistent with those
above (i.e., positive spatial autocorrelations), but the statistical sig-
nificance varies across the various spatial weight specifications.
Given that these results are less robust and the strategy measures
are more limited, we do not discuss them further.

induce a spurious correlation between shared consultant
usage and campaign strategy similarity. We therefore con-
ducted an extensive series of falsification tests (described
in the SI) in which we divided the data into groups of
similar candidates and randomly shuffled consultant ties
among candidates within those groups. The three parti-
tions were candidate type (e.g., Republicans contesting
open seats in 2002), district type (e.g., Democrats in the
least favorable third of districts in 2004), and region (e.g.,
a Republican candidate in the Northeast in 2006). If we
observe comparable levels of spatial autocorrelation in
candidate strategy using these permuted consultant ties,
it would suggest that our results are the spurious result
of clustering in consultant selection among similar can-
didates. By contrast, a lack of significant spatial autocor-
relation would increase our confidence in the results we
report above.

Reassuringly, we find that the observed LR statis-
tic for risk-taking is greater than 95% of simulated LR
statistics generated using the candidate and district type
permutations and 97% of those from the region permu-
tations. Similarly, the observed LR statistic from Table 2
exceeds 96% of the LR statistics from the candidate type
permutations and 99% of those from the district type and
region permutations. These findings suggest that our re-
sults are not the result of spurious clustering in consultant
selection among similar candidates.

Conclusion

Traditional analyses interpret modern American political
campaigns as candidate-centered, neglecting the many
party actors and institutions that connect co-partisans
and transmit information and learning across electoral
districts. In this article, we deviate from this approach and
instead explore how the activities of campaigns diffuse
across districts via the extended party networks of the con-
temporary era. In particular, professional political consul-
tants often serve as brokers, bridging informational gaps
between campaigns and bringing ideas and approaches
to new settings. While some agency loss is likely in any
principal-agent relationship (Martin and Peskowitz n.d.;
Walton and Walter 2009), consultants have strong repu-
tational and financial incentives to win elections, which
is also the principal goal of the party organizations. At
the aggregate level, their work helps parties respond to
changing electoral circumstances and diffuse campaign
strategy in a decentralized manner, which should con-
tribute to a more unified party image and communication
strategy.
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To test this theory, we assemble the most comprehen-
sive data set of consultant-candidate relationships con-
structed to date and provide substantial evidence that
congressional candidates who share consultants are more
likely to use similar strategies than we would otherwise
expect, conditional on a series of covariates. These re-
sults, which largely withstand numerous robustness and
falsification tests, provide the first quantitative evidence
that consultants play an important role in diffusing gen-
eral campaign strategies between campaigns, especially
for candidates who are likely to face longer odds in
their campaigns and are more open to influence by their
consultants—nonincumbents and candidates in unfavor-
able districts.

Before concluding, it is important to note the limi-
tations of the present study. First, available measures of
campaign strategy that do not suffer from severe selec-
tion bias are noisy and infrequently measured. Second, we
cannot fully rule out the possibility that candidates adopt
similar strategies in part due to party influence in the con-
sultant selection process. Unfortunately, there is no way to
directly observe which consultants are recommended to
candidates by parties or measure which are most closely
aligned with party campaign committees. Future research
should consider alternative measures of campaign activ-
ity, investigate the party role in the consultant selection
process, and develop new approaches to estimating its
independent effects on campaign strategy.23 Finally, it is
difficult to entirely rule out the possibility that candidates
are selecting consulting firms based on the strategies they
advocate. The robustness and falsification tests presented
above increase our confidence that the spatial autocorre-
lations we find are not spurious, but candidates may select
firms partly as a result of the strategies that firms typically
advocate (or vice versa). Future research should investi-
gate this relationship further and test the robustness of
the relationship that we find.

Despite these limitations, we believe this research
provides a new view of consultants as playing a crucial role
in linking congressional candidates and campaigns within
the parties. While the normative consequences of this shift
can be debated, the importance of consultants to contem-
porary campaigns and parties can no longer be ignored.
Indeed, these results suggest several paths forward for fu-

23One approach to measuring party-consultant ties would be to
use payments from parties directly to specific firms (Cain 2013;
Kolodny and Dulio 2003; Magleby 2010). However, direct financial
payments for party-related activities are not necessarily meaning-
ful indicators of the degree to which specific consultants may be
recommended to campaigns. Legal prohibitions against candidate-
party coordination may encourage parties to avoid forming formal
ties with some favored consulting firms.

ture research. First, we should analyze the dynamic evolu-
tion of the consultant-candidate network over time (e.g.,
Nyhan and Montgomery n.d.). With more fine-grained
data, it should be possible to track the spread of new
campaign innovations through the campaign-consultant
network both within and between campaign cycles. A sec-
ond extension should build on Walton and Walter (2009)
and Martin and Peskowitz (n.d.) and investigate the ex-
tent of the agency loss parties experience in relying on
consultants to set campaign strategy. In some cases, con-
sultants may disseminate strategies that harm the party’s
interests or prioritize profits over client or party inter-
ests, but the extent of this problem is not clear. Finally,
our findings contribute to the development of social net-
work and diffusion research in political science. Rather
than simply providing a descriptive account of a network
or characterizing a general pattern of diffusion, we test
theoretical hypotheses about consultant-driven strategic
diffusion among congressional campaigns using network
data and conduct falsification tests to address concerns
about spurious relationships. This approach could be ex-
tended to examine other types of consultants (e.g., donors
and fundraising consultants; see Cain 2012a) as well as
other nonparty actors who link contemporary campaigns
or elected officials.
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